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My talk today

1. Scanner sales data

a) Monitoring trends in population diets overtime
b) Evaluating natural experiments/new policies

2. Smartphone apps

a) Undertaking a labelling RCT
b) Co-designing an mHealth tool with communities

3. Wearable cameras

a) Improving dietary assessment
b) Measuring children’s exposure to food marketing

4. Virtual supermarket

a) Experiments
b) Education tool



New Zealand?
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NZ also world leader in obesity \b@

Obesity among adults, 2012 (or nearest year)

2 goodioudg

40 20 20 10 D o 10 20 0 40
% of population aged 15 years and over % of population aged 15 years and over

Source: QECD (2014), QECD Heslth Statistics 2014, forthcoming. hitp:dwww.ocscd orgiheslthvhesalthdata.

Note: The statistical data for Israel are supplied by and under the responsibiity of the relevant lsrael authoriies. The
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Obesity: shaped by global drivers

local environments

Environments

Behaviours

Physiology

Systemic
drivers —>

Policy and economic
systems enable and
promote high growth
and consumption

{}

Environmental
drivers

Environmental moderators

>

Food supply and
marketing
environments
promote high
energy intake

i

Sociocultural, socioeconomic,
recreation, and transport
environments which amplify
orattenuate the drivers

{}/\

Policy interventions

Population effect and political difficulty

Behaviour

patterns —>

High food and energy
consumption with
associated low
physical activity levels

Health promotion programmes, social marketing, etc

Energy
imbalance

High total energy
intake pushing
energy imbalance

{}

Drugs, surgery

(& research difficulty)

Swinburn et al, Lancet 2011



Food policy research challe




%ny mﬁcz’ent/j/ advanced tec/z?zofyy
is z'mli'.stz'njuz'aﬁ'aﬁlé ﬁom magic

%rtfur t ‘Cfarf




. Projects About Us News & Events Publications Contact Us

DIET <mp

Dietary Interventions:
Evidence & Translation

Nutrition labelling

Starlight Price CeaM

Welcome to DIET

Price ExaM study now recruiting!

Volunteers wanted!

Acnewe and eoo lng Vistual Sopes meackel is boing used Ly look ol
the effects oF charging fooc prizes on focd 2nd drink purchases.

Chack aut more detsls. including howi to join, 7erz!
Head more =

oo

Food taxes &
subsidies

Introduction to DIET - B

- rrh o cta [ HEw PEALARS )
DICT 15 afive-year programmea of research focused on providing vits| et Wi s e e
information directly re evant to naacnal and interngaoral polices on the
riwzal el e bem Ao oo slficienl ways B imorove pipalstioe dials o
beaithi

he prcgramme is being led by Frofessor Clona Mi Mhuschu atthe
Matinnal netitire for Haalth innovarine (R at the Lniversity of Auckdand.
in el faboratior with The Deparbmen Lol Putlic Health ol Qe Onneersily of
Lag: ngren, The George Instituta for Global | 12eith at the Unhversioy
cftydney. end |he griash Heart Foundation Cantre on Populaticn

& THE GEORCE 1ML
Wi Chbdbindd

Lhpiversily.

It Is funced by the | lealth Zeszarch Coundl of Mew Zealand.

Th= T FT researtn programme includes tive ecciting projects:

NutriSales Kids'Cam Modelling

Recent Tweets

Tweets . aoer_ Hi

eatad

[@C o rogramme

B puec necnn vow
== fyoblic sl 104

Farticipants irted... oo 216 19 stucy
(@0 =48 {Tony Co S 3hops 1 MInue
Sapurniunkul & gol 340 ol ol voushier:
I B 2L AC MEE DR CE- ..

EC - rogamme

H lony Wlakedy
FRlakuly T iy

Wa'™s loolang 1or Fanticipants to” an
£IEg ne S SIS AImIE
Sapsrniatkel. Gul ssbul voushis
cies gac < nd.ac, Atentprice-...

®C o rogramms &
Touy Rlakosty

ﬂ Lblaksly|

rrned WIE on Tettter

www.diet.auckland.ac.nz

Food composition &
reformulation
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Scanner Sales Data




SHOP RCT 2006-2009

i prglity b il

B . Make the Healthy Choice. ..

SATURATED FAT? i
512 messeers I e m
goars cos i

1,104 trial participants

8 supermarkets

15 months scanner sales data

55 supermarket shops per participant

Ni Mhurchu et al, Am J Clin Nutr 2010



Database of NZ packaged and fast foods
Nutritional composition

« Pack/serve size

» Labelling and claims

« Ingredients

* Photographs

4 supermarket

chains
2012 2013 2014 2015 2016

Fast foods 2,310 2,940 2,945 3,055 3,589

20 fas‘_: food Total products in | 6,628 17,378 33,724 50,860 68,351 87,310
chains database




Monitoring the food

Nutrienis 2015, 7, 2054-4067: doi: 1 0.3390/m17064054

nutrients

ISSN 2072-6643
www.nidpl.ecom/jonrmal/nutrients

Arricie

Changes in the Sodium Content of New Zealand Processed
Foods: 2003-2013

David Monro &, Cliona Ni Mhurchu 2, Yannan Tiang % Delvina Gorton ! and Helen FEvles 2+

. { - i
ki ﬁ'. ..»'LJ't.‘.} k) Jn:mtlﬂ_:&tf

\=

Figure 1: Mean difference in the sodium content of Key processed food
products available for sale in both 2003 and 2013 (n=182)

-300 -200 -100 0 100 200

Bread (n=25}) e
-68.26
Breakfasl cereals (n=44) I :-*
-123.34
; ; %
Butter, Margarine & Dairy Blends (n=28) e ———
-29.0F

Canned Corned Beef(n=7)

Carned Salmon (n=5)

Canned Spaghetti (n=E) [

Canned Vegetadies (n=32)

Cheese {(n=12)

39.57

Crackers (n=23) '

ALL PRODUCTS (n=102) t

-55.6

300

Mean (SE) change in sodium content (mg/100g)

*

p<=0.001



Effects of voluntary programmi @

Changes in the sodium content of bread in
Australia and New Zealand between 2007
and 2010: implications for policy

Changes in the sodium content of bread, 2007-2010*

600 -

500 -
—~ o CERD) R, R ¥ _’l‘_ .
A @ ;000 . I AN FTTTTERS e
S 400f ¥ % NG t+
B
E 300-
E New Zealand + Austral
=
= 200 -
(=]
W

100 +

A: White bread B: Wholemeal bread C: Mixed grain bread D: All bread
D B l I | 1 1 L L |
2007 2010 2007 2010 2007 2010 2007 2010

Dunford et al, Med J Aust 2011



Integrating sales data: Nutri

* Nielsen Homescan

« Household consumer panel (n~2,500),
representative of NZ population
— Scan all grocery items taken into the home
— Geographically, demographically

representative niclsen Homescan®
— Weighted data represent 75% of annual g
national grocery sales w;ﬁg& i

— 2 million rows of data o

— >29,000 unique food and non-alcoholic
beverage products per year




NZ salt reduction model

Achieving the WHO sodium target: estimation of reductions required in
the sodium content of packaged foods and other sources of dietary
sodium'™

Helen Eyfes,"'j* Emma Shields,* Jacqui Webster.® and Cliona Ni Mhurchu®

Using UK madel and
Esfimate total sodium local expartise,
oonsumption per day calculate (he sodium
and the percentaga target required for each
eath saurce food category (couplad
contributes 1o the with raductions fram
sodium intake of an ather saurcas of
individual sodium) lo achieve a
30% relative reduction.

Step Step
Five Six

Eslimate sodium intake
Estimate the mean o : from wissing data
Davatop a tempiate for waight of food = _E*h""j?mg' HEeh sources including
the sodium reduction purchased per day (g) SN “"”ﬂt ?lf f“;’ takeavays and
maodel and identify data for an individual in the groups coninbuting restaurant food, fresh

: o slation food ;
sources for inpul population and adivst paps foods. and salt added
RE for waslage PRk at the tible and in
c/oking

FIGURE 1 The 6-siep process used to develop the sodium reduction model.

Eyles et al, Am J Clin Nutr 2016
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Reformulation of labelled (HSK

non-labelled (non-HSR), 2014-1

-10 -5 0 5 10 15

T
Energy (KJ/100g) g

Saturated fat (g/100g)

Sugars (g/100g) ,—‘+
| I |

Sodium (mg/100g) . |

Protein (g/100g)

Fibre (g/100g)

m Non-HSR products OHSR products

Estimates weighted by household purchase volumes



Other examples

Effect of a price discount and consumer education strategy
on food and beverage purchases in remote Indigenous
Australia: a stepped-wedge randomised controlled trial

Julie Brimblecombe, Megan Ferquson, Mark D Chatfield, Selma C Liberate, Anthany Gunther, Kylie Ball, Marj Moodie, Edward Miles, Anng Magnus,
Oiona Ni Mhurchu, Amanda Jane Leach, Ross Baifie, on behalf of the SHOP@RIC research collabarative

Influence of price discounts and skill-building strategies on purchase
and consumption of healthy food and beverages: outcomes of the
Supermarket Healthy Eating for Life randomized controlled trial™™

Kyvlie Ball, Sarah A McNaughton, Ha ND Le, Lisa Gold, Cliona Ni Mhuwrchy, Gavin Abbott, Christina Pollard,
and David Crawford

Beverage purchases from stores in Mexico under the excise tax
on sugar sweetened beverages: observational study

M Arantxa Colchero,' Barry M Popkin,? Juan A Rivera,? Shu Wen Ng-

By Lindsey Smith Taillie, Shu Wen Ng, and Barry M. Popkin

Gains Made By Walmart's
Healthier Food Initiative Mirror

Preexisting Trends




Smartone Apps




FoodSwitch app

Selected product

‘Brand A" Strawberry Jam

02280¢

<01g  <0.2g 31.5g <551kJ
Pe 1005 || Per 100g | | Per 100g P-rmoq Par 100g

Healthier choices

‘Brand B’ Raspberry Jam

eecos

02g | 1mg 256kJ
Per 100g Pwimg Pmnu-p Per 100g || Per 100g

(@(0

i ‘Bra_nd c' Strawberry Jam Spread

282080

)

THE GEORGE INSTITUTE
for Global Health



SaltSwitch RCT \ ?

ssco0 Vada NZ = 11:30 am 4 53% W

{ Back SaltSwitch trial app  ?

Selected product
" Nestle Maggi Chicken Stock

N @@ & © Significant reduction in

o< oo oo | household purchases of salt
e (mean difference 0.30 (-0.58
Sowgenaease | 10-0.03) g/MJ), equivalent to
VY reduction of ~0.7 g sa It per
person per day over 4-week
intervention

Essential Cuisine Beef Stock

[ —— SR O BT
an S5 cents Viore

Sc

Eyles et al, Eur J Prev Cardiol In press



Effects of nutrition labels on

consumer food purchases

STARLIGHT

wow oW oW




Research questions

1) What effects do interpretive nutrition labels
have on the average healthiness (FSANZ
nutrient profile score) of consumer
packaged food purchases?

2) What effects do interpretive nutrition labels
have on nutrients purchased (energy, sugar,
sodium,-saturated fat), food expenditure,
and self-reported label usefulness and
nutrition knowledge?



Study design @

Registration and 1-week run-in
|

Randomisation

1-month follow-up of all packaged food purchases



11:60 am

< Scan for Label

Yoplait Vanilla

Each serve (125 g) contains

- .... En

n ¥ 2-'.8:_‘;
[\5.0% I %

| ‘I‘M‘ :: : 's daily in

9?_ S - OTHER CHOICES

Meadow Fresh Live Lit... 9 @

Clearwater's Gream To... D

Piako Gourmet Yoghurt @

Scan for Label

fo



Consent & baseline data collec

Mo SIM = | No 3IM = 10:52 am : Mo 3IM = 10:54 am

Consent 4 Initial Survey

TH INAL IMSTITUTE FOR Ietls: Date of Birth =
@ HEALTH INNOVATION I confirm that | have not used the
4 THE UNIVERSITY OF AUCKLAND Foods‘l‘lv |‘tch appllcatfon before and
that it Is not currently Installed on Male

: - Y der:
my smartphona. | will not install the OELLESS

Foo D LAB E L application far the duration of the

study.

TRIAL New Zealanc

Female

| understand all of the above ‘;‘_'T_)F_?ea”
Nourinvoliemearn: will and agree to take partin the O . A .
; study
"1-:-_:-|F_) us ta F;)r{_')\,'lt;fu:_'} better
food health information L:ag"s,‘:_ to t!'}e lgrms f&th St B
onditions for use of the Stu : ] bR
for averyone NZ licat] Y Which ethnic B
% Application. groups do you Cook Island
Ti Y Terms & Conditions E:elung L Maori
nan ou |.wish io receive a copy of the (Select all that Tongan
results (if you leave this apply):
ufichecked, O Niuean
the results will not be sent to Chinese
you).
| agree to take part in a sub- Indian
study looking in more detail O Other
at my use of the smartphone
application

Volkova et al, JMIR mHealth uHealth 2016



Item added to your purchased
list

Mo SiM = 1111 am

< Till Receipt

AN
1,188 g NET & 82.713%a

T0MT e
pAlca TS 8120V
ONION RED PEELED L5E

0.161 ko NET 8 %4 J)km
@y & ¢ Bds

[OR SWEE] 0 OFTER _
HRTLIND POIRIO CHPSSALT 1 VIN 1603

PECCISH THINS RICE CROKT whel 1006
FRINOTION
C/GONINESS OIF GREEM ONIJN Z60GH
PROMOTION
HELLERS WANUXD SMOKED HiY 200G
FROMOT [ON
VOGELS BREAD NIXED GRAI4 157 780G
PROMOT ION
COBDIASTE HUMMUS BRBRCAYDUSH 20054
PROADT DK
NULENSERG BREAD DRIGINR. T0AST {0GH
PROKOT LK
RIWL L0k NZ STREW, 0 ADOL
R POMUER [EM 1 LI
P i 1K 2y

N

w e_|I
Starlight study team
National Institute for
Health Innovation
University of Auckland

'-t-—'-l-é_a-éuc;

Hy—= ok
mIlietatadabodn
A NEEL S RTERE R

10.99°
¥74.80

Retake Use photo

Volkova et al, JMIR mHealth uHealth 2016



Flow chart @
=

Registered (n=2448)

'— Excluded (n=1035)

Randomised (n=1413)
I

\ | |

HSR TLL NIP
(n=471) (n=472) (n=470)
Analysed Analysed Analysed
(n=443) (n=459) (n=455)

280,000 packaged food & beverage purchases
recorded



Healthiness of food purchasas ?

Difference Lower 95%CI Upper 95%Cl

Frequent label users (n=423)

TLL v NIP 133 263 0.04 =

HSR v NIP -1.70 297 -0.43 &

All participants (N=1,357

TLL v NIP -0.20 094 0.54 —l—
HSR v NIP -0.60 -1.35 0.15 —

Ni Mhurchu et al, Am J Clin Nutr 2017
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Co-design theory

Engage Plan Explore Develop Decide Research

Boyd H et al, NZ Med J 2012



Co-design in practice

T



OL@-OR@ features

« General
« Customizable content
» Linkage with social media platforms
« Share info with friends/family
 Add and share recipes
« Activity planner & calendar
* Healthy tips (SMS or app naotifications)
« Achievement badges
» Goal tracker

* Unique
« Holistic model of wellbeing
» Relationships and connectedness - group challenges, community/family goals

* Indigenous knowledge
« Use of ancestry and traditions to engage users
« Culturally relevant healthy food information



B Lowin via Faie

. Journey

@ Goals

o Mumber of current goals
Number of compieted gonls

Number of goals due to complete in 7 days

B Calendar

o Walk 30mins
o Meeting at work to discuss Project X
Bake Cake for Mikes Birthday

o Dinner with Jane and Family

T Rewards

@ Rewards that you recieved thisiveek
o Rewardsdhat yvourecleved this month

Rewards that you recleveéd this & months

v &« > @ L

Physical Mental Spiritual Family Cither

Wero — Nga Tapuwae

Climb Mt Eden to the top 8/10

oq: oN: oN: N:
af’ ad’ af’ af?

Footsteps to complete

Dirink 8 c__*.l,1:.-,r_e'_. of waler 4 weak

Walk 30 mins per day 3 times a week

Woek | Weok 2 Woek 3

Share my Progress g [

®

T Hapai Oranga




Wearable cameras
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Under-reporting remains a key himitation of self-reported
dietary intake: an analysis of the 2008/09 New Zealand
Adult Nutrition Survey

L Gy Y Fiang B Swinboo, J Omer” and © W Ewrch

1997 Low energy 2008/9

reporters

Low energy
. reporters

Men

2008/9

Low energy
o _ reporters

—

Women

Women



Image-assisted dietary
assessment




Wearable cameras reduce (@)
=

dietary underreporting

* 40 healthy volunteers, Auckland, NZ
— Wore SenseCam for 4 days over a 15-day period

— Completed interviewer-administered 24hr recall on day 3,
9, 14

— Viewed SenseCam images and provided additional
information

* Viewing SenseCam images reduced energy under-
reporting by 8% in-men & 6% in women compared with
24h recall alone (p<0.001)

« Mainly due to reporting of 265 additional
(forgotten/omitted) foods across a range of food groups

Gemming et al, Brit J Nutr 2015



Social & environmental context ?
o

Contexts assessed

Location Environment Physical Position Social Interaction Media Screens

At home Indoor Sitting at table Social interaction Television

Occupation Outdoor Sitting on sofa Social — no interaction  Computer

Restaurant/Bar/Café  In vehicle Sitting at desk Not social Handheld device

Other Mixed Standing/Active Multiple devices
Other No screen

Gemming et al, Appetite 2015



Measuring children’s exposure

to food marketing

@ Kids’Cam




Research questions

1. What is the frequency and ‘duration of
children’s exposure to food and beverage
marketing?

2. Are there differences by setting, ethnicity
and socioeconomic position”?



168 NZ children aged 11-13 years
Data collection July 2014 — June 2015

Wore automated cameras and GPS deV|Ces for 4
days (2 weekdays & 2 weekend days)

Cameras captured images automatically every 7
seconds (~1.5 million images collected)

All foods and.beverages in images coded as core
or non-core (WHO nutrient profiling system) by
setting,-marketing medium, product category

Signal et al, Am J Prev Med 2017















Rate of encounter {(number of encounters per day)

Sating NZ children exposed to
junk food marketing

I mean of 27.3 times a
I day; >twice their
exposure to core food
I I marketing (12.3/day)
=l i ==
o Bad g et Sk Sugary drinks, fast

food, confectionary
and snack foods were

Medium

l M. Most commonly
"™ encountered junk
foods

Most junk food
exposures occurred at
home (33%), in public
spaces (30%) and at

school (19%)
= M sar el

Product Sién Instore Print media Screen Merchandise
packaging marketing



Kids’Cam data also being used @
=

to measure kids’ exposure to

 Alcohol

« Smoking & smoke-free promotions
 Gambling & Lotto signage

* Greenspace

* Active transport

* Housing quality etc.
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Research report

Effects of a price increase on purchases of sugar sweetened beverages. @ e
Results from a randomized controlled trial’

Wilma Elzeline Waterlander ***, Cliona Ni Mhurchu ®, Ingrid H.M. Steenhuis *

a Department of Health Sciences and the EMGO Institute for Health and Care Research, Facuity of Earth and Life Sciences, VU University Amsterdam, De

Boelelaan 1085, 1081 HV Amsterdam, The Netherlands

b National Institute for Health Innovation. School of Population Health, The University of Auckland, Tamaki Campus, Private Bag 92019, Auckiond Mail

Centre, Aucklond 1142, New Zealand
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Keywards:

Sugar sweetened beverages
Taxes

Randomized controlled trial
Supermarker

Solt drinks

Virtual supermarket
Nutrition

Pricing strategies

ABSTRACT

Sugar sweetened beverage (SSB) taxes are receiving increased political interest. However, there have been
no experimental studies of the effects of price increases on SSBs or the effects on close substitutes such
as diet drinks, alcohol or sugary snacks. Therefore, the aim of this study was to examine the effects of a
price increase on S5Bs on beverage and snack purchases using a randomized controlled design within a
three-dimensional web-based supermarket. The trial contained two conditions: experimental condi-
rion with a 19% tax on SSBs (to reflect an increase in Dutch value added tax from 6% to 19%); and a control
condition with regular prices. N =102 participants were randomized and purchased groceries on a single
occasion at a three-dimensional Virtual Supermarket. Data were analysed using independent t-tests and
regression analysis. Results showed that participants in the price increase condition purchased signifi-
cantly less S5Bs than the control group (B =-90; 95% CI1=-1.70 to —10 L per household per week). There
were no significant effects on purchases in other beverage or snack food categories. This means that the
higher VAT rate was effective in reducing 55B purchases and had no negative side-effects.

© 2014 Elsevier Ltd. All rights reserved.




Work to date

» 7 Virtual Supermarket experiments
— Pricing, labelling, placement etc.

* High internal validity, independent of food
manufacturers and retailers, adaptable,
easy recruitment

* 4 regional variants
— Netherlands, NZ, UK, Australia

» Testing impact of sound, smell, decor etc.



How real is Virtual Reality?

JOURNAL OF MEDICAL INTERNET RESEARCH Waterlander et al

QOriginal Paper

Using a 3D Virtual Supermarket to Measure Food Purchase
Behavior: A Validation Study

Wilma Elzeline Watcrlandcrl, BSc, MSc, PhD; Yannan J iangl, BSc, MSe, PhD; Ingrid Hendrika Margaretha Stecnhuisl:
MSe, PhD; Cliona N1 l\w'_'[hurchul, BSc (Hons), PhD

INational Institute for Health Innovation, School of Population Health, University of Auckland, Auckland, New Zealand

?‘Depattment of Health Sciences and the EMGO Institute for Health and Care Research, Faculty of Earth and Life Sciences, VU University Amsterdam,
Amsterdam, Netherlands
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\
Improving food price elasticity . ()
estimates

‘\

DIET wmp

Dietary Interventions: e Y M

Evidence B Translation

Price ExaM

Welcome to the Price ExaM study

Find us on [

Wiy e ooy bar g e b sen e Praos Teskl wedy!

® [aadd 5 'Y vrowh sy ooy @ S chengry S o e et The moed pete By T =0 i SR
Ty mreeey propes 11 WveR A Virtee! epermarbat wha © s e e insded o el cee Tt e
il v are mwisied, sl pwade Foe o1 rew S Dnard e e pari
¥ e part e el b gt n ) vl nhs |1 iy e sk o (e L s e ! B
Himfy L e s e T e o ity e b gt by SRR s P i s e el

B NI T ST TSRS 1Y (P Ny U] ) S ———

1 1 el g b 3G P ey, P B ey e W s ] e aw

Waterlander et al, BMC Public Health 2016



Price ExAM study methods ?

5 tax/subsidies:

Allocate five groups of tax/subsidy
° SS B tax policies to 5,000 sets randomly.
+ F&V subsidy |
° Satu rated fat taX Create random price variations for
1,412 food products in the VS.
¢ S u ga r taX Loop through 5,000
o Sa It taX l iterations
Add tax/subsidy for 1,412 food
products.

1,132 participants |
4,259 shops

Com pleted Fig. 1 Procedure 1o generale 5,000 price sels for the
Virtual Supermarket

Result in 5,000 price sets with each set
contains 1,412 food products.

7

Waterlander et al, BMC Public Health 2016
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& University of Auckland, 2014
This worksheet may be photocopied for use in schools
www.lenscience.auckland.ac.nz

My Food, My Future

LIGGINS IN5TITUTE

THE UMIYERSITY OF ALMCKLAMD

MEYY ZEALAND
Tw'febare ¥Wirarga = Taraki Moo

- Lunches: School Lunches

&
The table below contains pictures of lunches for a teacher and her Year 11 students at

Carbo High School.

What do you think about each of the lunches? Make sure you think about the person's activities

during the afternoon!

Use the Virtual Supermarket and the traffic lights to look for foods that could be healthier

options for these lunches.

Scenario

Mrs Potteris a
teacher taking
classes from 12 noon

to 3.30 pm

Lunch

‘W

Lunches: Planning for the Family

Design and prepare lunches for your family for an entire week.

Use the virtual supermarket to find food items and ingredients to design the lunches.

Do you think you should include the following food items in your lunch plan?

What do you think about the

How can they have healthier

Jenny is a student
with diabetes

Josh is a student
with a 3 hour Biology
exam in the

afternoon

beetroot (canned), carrots, celery, cucumber, red peppers
a, chicken, eggs, ham, baked beans

a, pear, kiwifruit

| SATURATES

ke: pita bread, panini, wraps, crackers, pasta

hey, peanut butter, cream cheese, hummus

SUGAR

SALT

m, you could

Blake is a student
playing rugby after

lunch

make the lunches for your family!

Take photos of your prepared
lunches, post and share ihe(\\\ N
pictures with friends through the
LENScience online forum:

http://lenscience.ac.nz/
community-groups/my-food-my-

future



Final words from a FoodSwit
user

Imagine If people in supermarkets up and down the country were seen to be
regularly using this tool how much influence that would have on food
manufacturers, government regulators and politicians.

Let all those consumers who care about what they eat but have difficulty using the

existing food labelling effectively get out there and show those groups what we
really want.

Consumer Magazine, Aug 2014



4

4

53 mtyzc.

Now that



Research teams and funders @

DIET programme

« Tony Blakely, Boyd Swinburn, Helen Eyles, Wilma Waterlander,
Yannan Jiang, Louise Signal, Bruce Neal, Mike Rayner, Katya
Volkova, Rachel Carter, Luke Gemming
— Funded by Health Research Council of New Zealand (13/724)

OL@-OR@

« Lisa Te Morenga, Riz Firestone, Andrew Jull, Robyn Whittaker,
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